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Motivation and Objectives

Manifold Learning and Dimensionality Reduction

Observed data X = {x1, . . . , xm} ⊂ M ⊂ Rn

Hypothesis:
Y = {y1, . . . , ym} ⊂ Ω ⊂ Rd, d < n (Ω domain)
nonlinear map A : Ω→ Rn, X = A(Y )

Task: Recover Y (and Ω)

Ω ⊂ Rd
A // X ⊂M ⊂ Rn

P
wwppppppppppp

Ω′ ⊂ Rd
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Motivation and Objectives
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Manifold Learning Techniques

Principal Component Analysis (PCA)
Multidimensional Scaling (MDS)
Isomap - Supervised Isomap
Whitney Embedding Based Method
Laplacian Eigenmaps
Local Tangent Space Alignment
Riemannian Normal Coordinates
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Dimensionality Reduction: PCA

Matrix data: X = (x1 . . . xm) ∈ Rn×m
Problem: find projection P : Rn → R3 with:
err(P,X) =

∑
k ||xk − P (xk)||2 minimum

var(P (X)) =
∑
k ||P (xk)||2 maximum

“maximum” eigenvectors of the covariance matrix XXt

SVD of X
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Dimensionality Reduction: MDS

Matrix data: X = (x1 . . . xm) ∈ Rn×m
Problem: find a Y = (y1 . . . ym) ∈ R2×m with:
err(Y,X) =

∑
k(dij − ||yi − yj ||)2 is minimum

dij = ||xi − xj ||.
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Dimensionality Reduction: Isomap

Isomap main ideas:
Construct neighborhood graph
Construct geodesic distances
Use the MDS framework
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Dimensionality Reduction: Isomap

Sampta 2009 Mijail Guillemard 9 / 16



Curvature of Curves

For a curve r : I → Rn with arc-length parametrization:

s(a, t) =
∫ t

a

‖r′(x)‖ dx

the curvature is defined as

k(s) = ‖r′′(s)‖

For a curve r with an arbitrary parametrization we have

K2 =
‖r′′‖2‖r′‖2 − 〈r′′, r′〉2

(‖r′‖2)3

Sampta 2009 Mijail Guillemard 10 / 16



Curvature for Surfaces

Gaussian Curvature: KM :=
〈R(X,Y )Y,X〉

‖X‖2‖Y ‖2 − 〈X,Y 〉2

Curvature Tensor: R(X,Y )Z := ∇X∇Y Z −∇Y∇XZ −∇[X,Y ]Z

Connection: ∇∂i
∂j =

n∑
k=1

Γkij∂k

Christoffel symbols (expressed with metric tensor)

Γkij =
1
2

m∑
l=1

(
∂gjl
∂xi

+
∂gil
∂xj

+
∂gij
∂xl

)
glk

Gaussian Curvature (expressed with Christoffel symbols)
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Curvature Distortion and Convolution

Effect of the convolution map T on the M (and the dataset X).

MT = {T (x), x ∈M} T (x) = x ∗ h, h = (h1, . . . , hm)

T =

0BBBBBBBBBBBBB@

h1 0 . . . 0
h2 h1 . . . 0
h3 h2 . . . 0
...

... . . .
...

hm hm−1 . . . h1

0 hm . . . h2

...
... . . .

...
0 0 . . . hm

1CCCCCCCCCCCCCA

Curves: K2
T =

‖Tr′′‖2‖Tr′‖2 − 〈Tr′′, T r′〉2

(‖Tr′‖2)3
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Example 1: Curvature Distortion

Low dimensional parametrization of scale modulated signals

X =
{
fαt =

∑3
i=1 e

−αi(t)(·−bi)
2
, α ∈ Ω

}
Ω =

{
αt = (α1(t), α2(t), α3(t)), t ∈ [t0, t1]

}

fα X = {fα, α ∈ Ω}

Ω ⊂ R3 X ⊂ R64
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Example 1: Curvature Distortion - part 2

Low dimensional parametrization of scale modulated signals

Multiresolution Vj //

""EEEEE Vj+1 //

$$III
III

Vj+2 . . .

Wj+1 Wj+2 . . .

V8 ⊕W8 ⊕W16 ⊕W32 = V64

Ω ⊂ R3 X ⊂ R64 T (X) ⊂ R64
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Example 1b: Curvature Distortion Evolution

Manifold Evolution under a PDE

Wave Equation
∂2u

∂t2
= c2

∂2u

∂x2
(WE)

Ut =
{
uα(t, x), uα solution of (WE) with initial condition fα, α ∈ Ω0

}

{
uα0(t, x), (t, x) ∈ [t0, t1]× [x0, x1]

}
X0 Xt
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Example 2: Topological Distortion

Torus Example: (genus 1 and genus 2)
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